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A 42330 A1
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E‘; ‘%‘73&%%%‘ to other needs T 5 R T AR
W % B Susan Chemerynski, ScD, MPH, joined the Department of ﬁlﬂﬂ"w*ﬁﬂi,ﬂ;ﬁﬁTﬁﬂ:L’r&%E/{ﬁﬁi.
i NS % T Health Policy and Management in August as an associate T8H bﬂz\ﬂifﬁlﬂi'—ﬁ E‘*"ﬂ/ 2
° A professor and director of the Risk Sciences and Public T EIZEEZ R R 5
Policy Institute AFLBERI TR T

(2) SCA T B 5 4R . AR FHugging

N T3] BT I B O AR R T 2 R BT P AR R - B

Facefe it DistilBertTokenizer X SCAAT /01 S KT HIKEE 2 N512M 70 (token) , LUK SCA

B, AR T AR T RS, A5 TY)5)

gICHE e 8
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(3) A SR o0 BHlm 448 1 1% 73 i)l 2R 46
(80%H THEBLINZE) + BAEEE (10%H T8 S B0A R
FIRE T ERE) AR EE (10%H T & PERETEAL) -

(4) BPESLAIN K. ABEFi R DistilBERT-base-
uncased 5 B 58 B PR SCAR 7 2RAE 55, A B AE OR 4F
BERT %014 RE 1A [F] IR 58 25 B AR 1o SR R4 o 5256 )
Hugging FacelJTrainer APISLIIET gk, &L 5050
IGHNE AR S 5: NIZREIR (num_train_epochs)
NS, #2]% (learning_rate) NSe-5, B HE FIH R

(weight_decay) 40.01, #/X K/ (per_device_train_

batch_size) H8.

34 SERER ST

KA FRAE AR E (Precision) « &A%
(Recall) - FUE3 M EARRIFM B R R . N T 5%
E ASHE 52 BT Distil BERTHE B F] 30 A 43 F 3%
B, P TS RAE R IRAL, AL G LA
JiVETF-IDF+SVM, ¥ 24 28 ) 25 A5 A Tex tCN N,
RCNN, DA K3t F Hil 408 5 AL I BERT-base
DistilRoBERTa, A Fii)I| 515 = A 24 345 5% F AR in 4
K AFAEA R TN ZRE S AR R AT Eeb, SZIe e
AHTRVECHE I 2 S GNIIZREE S B E4E SRR 1% 8:1:1
I3 NHAT, FAESCAR R KK MIZREeHL. 5505,
BUE TR 5 e I 25 2 B L AR B — 2 (B 0I5
VB T R TR DL A TR 22 St oy K SR B R T . S5 A TR
IRRRVEAG 45 R AR 3PN

R3 BRESEFRITMEER

%l FERE BEE F1
TF-IDF+SVM 0.6825 0.584 1 0.601 7
TextCNN 0.5570 0.376 9 0.3812
RCNN 0.648 6 0.595 8 0.602 1
BERT-base 0.702 8 0.686 0 0.670 8
DistilRoBERTa 07225 0.698 7 0.704 9
DistilBERT 0.761 7 0.750 0 0.746 5

MEE AR R IR E, T WO 2505 5 1AL 7 v
TE& TR br AR T 1% e ML 3§ 2% 21 75 12 R B 22 )
&AM, RCNNAHHL TF-IDF+SVMAE 7 [3] R ATF 114
A AT TE, T TextCNNTE A SZ K A i) 26 B 2K
T TF-IDF+SVM, 3B H 7E AR B P8 48 b 13 1% A
XA R, XAl 8-S Text CNNAK 1 [ 2 B U 1 75K
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SCATE SCEBLRE S AR AE— € JR R A 2% RCNN
G NG IR G5, (5 B Rk 3R BT AS R T 4508 5 4
B, RO T HAEAE U RSO A BRAT S AR AE —
SR bR

FEFRIZRIE = R, Distil BERTRL R ZE KGR
BREESFUE EHAS 7RSSR, MHEBERT-base
IF{E (0.670 8) #&F+£111.29%, X 7] fE 5 DistilBERT
3 R AR AR Yk A TR 2 B R B R R P
5 DistilRoBERTaff) % & % BIK T DistilBERT.
W% = T BERT-base. DistilRoBERTa %I 45 F. oK it #4
i DistilBERT, iX A fg5 H Al gk 4ie 74 5 A
Tt 048 FH B0 (PR 24 BT8R S A (FEZE R
o, BART 5, BRI AIDistilBERTAE AN 73 5t
TRIT BRI E MR, X158 T RN 2B AR
INFEAR SR AR TN IZ AR T DL RO I 30 AU A 2K
.

AAFFUAE M AT T AR, DAR T
LSRR 22 R RVERE RS2 A . 7EDistilBERT
RS B AR FEAS R AT HE T, W0 R A 4 K P2 Xl
I NEL AR (1~641)) | A KA (65~25610]) Al
KA CRT2563) , I3 5l 56 UEAS [\ 4 B2 X a] £ 5
ARG A N T G AR BRI 2 1 8 R R A 2
HIE B, LA AT T % T F1 (macro-averaged
Fl-score) fENFEEIEALFER.

ANTE K B AR Ay 2RO S He W3R 4 BT 7R o b
SCAFN AR A BE SR R 4 S A R B AR TSR,
H 2P FUE S 51280.666 24 0.660 2, T SCAN K
0.568 2. X — 4R EHEAFIRE SR E T, UK
B 22 S A SRR P AR T RO A R s, UK
SCAAL IR ST 2%, AT RE S BB BYLE IS A B
REAE SR I H 500 B D80 22 s J6 SCAR RN R 854K B STAR T
VB SRR 1 TE T, S R TR e A o,
MK AR EEERERELZ L2, WntnT
IrIIME

R4 AEAREXHETELRIILL

Overall | XA | FEKENAE | K&
Macro-averaged | ) (oo 5 | 6958 07152 0.576 0
Precision
Macro-averaged | ) Che 0 | 0,668 7 07569 0.616 1
Recall
Macro-averaged | ) c4s 4 | 06662 0.660 2 0.568 2
Fl-score




EANT, Bigsh BT DistilBERTRSUHE EX A BN D KT EHAR

4 ghisHE

AHH T XS B R SCAR () R Y — Bl 5 BER Topic
5 DistilBERT (178 & 77 v S B A0 38 5 2 5L A H 3l 43
25, I T S BRI 5T A 5 I U R T AE SE T 12 AE 22
AT PE S Rk . 3T 1 2804 AR W I 24 45008 8 1%
SCARMI 7 R I0 45 R K, Distil BERTHL A [F 1{E
i£%]0.746 5, 5BERT-base A F 114 (0.670 8)
FHECHR T 2911.29% o A ARV OS5 S 5L 06 25
B AUE T2 AR e (G 250t RIE B 7 0 1R 25 A AR
DistilBERTTE/NFEAR) SRR : R4 2 4 &
BD40%) « PREGIZ OB SCE AR RE 71 BRI LA R
B, R AR F B AR i T — B IR T
e WAL, AT B DA R 25 A8 2 SC A SIIE
FEXF G, AR 78 B AR T 500 BTt SR 207
AT E, FFARE O e i e A AL

R FAIAFAE— 5 R PR : QUisLI6 45 3 BoR, 3
P8 B T SCARAK B 7 S X6 3 S RO A B B S D 5 )
@TE 4> TR I8 H0 MR 45 TR R I, 304 2 1 7 2R 81
FEXTH A M A, 7E— 2 FEE R RR T R A R A F
{8 @FEN TER AR R R I, B SCA M 3%
P H A 5 1 2 AT SO R SR e b, R SR B
MR T ) M A A5V 2 SOARTE R BAR N R B A
N SESCSRE AR A 09 20 AT, R SE AR A G S A = s LA
NS 5| P B8 £ 5 M S 56 45 SR 1) 2 U PR AT 1

TE UL At b, ARSRBEF AT LR A H T O
FR P SCAR 1) 4 B o 5 S gk B | N R AT L 1) 56 7
%, DA GAN A B SCAR R AR RE 77 @230
2R 5 TV, s O B 2 IR e B
FERRIE . 5 2 b 25 40 8 38 L 1Y) 4 8 0 48 A B 48 5 i AT
LT MO A, DA YR A R I SR I 22 A U
fiE, 8 G BAR 25 20 R IE IS Bk @A RIES
R )RR R, AR 45 6T £ . T g o 1) 2 AT
BB B R AR, 35 5% 24 T 2505 5 Y
HBEATATLE, DAk — DR AN R B AE N RE AR 3 5 N 1Y)
&R
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Research on the Automatic Classification Method of Domain Think Tank Texts Based on DistilBERT

WANG XiaoYa'>* MA JianLing"**
(1.Northwest Institute of Eco-Environment and Resources, Chinese Academy of Sciences, Lanzhou 730000, P.R. China; 2.Key Laboratory of Knowledge
Computing and Intelligent Decision, Gansu Province Lanzhou 730000, P.R. China; 3.Department of Information Resources Management, School of Economics
and Management, University of Chinese Academy of Sciences, Beijing 100190, P.R. China)

Abstract: With the surge in the number of foreign think tank results and their reference value in application scenarios such as policy research and
intelligence analysis, efficient processing and in-depth analysis of massive think tank texts have become core issues in related research and information analysis.
Among them, automatic classification of think tank texts is an important foundation for improving information retrieval efficiency and supporting subsequent
in-depth analysis. This research aims to construct a field-oriented automatic classification method for foreign think tank texts to provide technical support for
intelligence research and analysis. In view of the current problems of scarcity of text annotation data and large differences in classification standards in domain
think tanks, a hybrid automatic classification technology framework based on a combination of unsupervised topic modeling and lightweight pre-trained
language model fine-tuning is proposed: First, unsupervised topic discovery is realized through BERTopic to build a data-driven classification standard; then
the knowledge distillation model DistilBERT is used for domain adaptive fine-tuning to achieve efficient and accurate classification of domain think tank texts.
Experimental results on think tank texts in the field of biomedicine show that this method is superior to various baseline models in both F1 value (0.746 5) and
recall rate (0.750 0), verifying its effectiveness in text classification tasks in domain think tanks.

Keywords: Think Tank; Think Tank Text; Automatic Text Classification; Topic Modeling; DistilBERT; Biomedicine
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