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FESESCH, ARTEFIAHMEIREFR A Terminology
Extraction. Term Extraction. Glossary Extraction.
Automatic Term Recognition (ATR) . L HARYET H
B AR T 1 ST A Pl G AR DG IR T . AR f)
HEIARTEMICRIH T8 508 CiiEdmid ff
Wb RAMIBURIEATE, TN H SCA 1) 44 104
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University of Romalf TermExtractor™. 3% [ & 1) ks
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(1) Dl AR AL 2 A7 e AR AR i 42 1
78, SRR AN LR 32 SR RUAS [RIE 1] 2H B
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FIRIIE

(2) TEFAIMETH AR LSRR R I AT I AR
TR B U A . BRI —Fh 7. IF
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MEHEES ., K3 TA LT IATE M T
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It H 5 Rl —Aghial figria— &N o m] LA A X Ff
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B TEESAMBURETHE 2, FEASR XS DA (R 5

GRASUEAT EEER, A o ik B B B R 4 7
5, R R ES . IR SRR — N4 CP-
value FERBEATHER I HEA A5 10 18 58 K B
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ARV SCA F2 03 W (R SR BORBEAS | m]
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(D R EKE: 4 M ARIER
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RRINENWE TG AR5y (DT T, Hrp
BRI AR TR 2R N A R
Sy UED, A5 dn KL T ER R AR BLRE oF S A, DAEAE
() AN A o PR MR 8 R AHARLER T AN [) 722 o R A
SEARSE . 5> A H LI AT K-means™,
K-Medoids""', CLARA™, CLARANS™. CURE™
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(2) BRFERE: KBS Ak —REEN
B o MR 2 O i ES ) B, A8 B T R
TR, SRR KT LUk — 28 4k Bk 2 1 43 4
JEIREEEW, IR EE2S (Hierarchical Agglomerative
Clustering, [HFRHAC) J7ikie bl —Mt&

AN EBERSE, RGBT, 158
J2k (Divisive Hierarchical Clustering, {##XDHC)
TR A RS — AN KI FERERE, %
M B AR HEREAT IR 2 o R R RIE MU VL
BIRCH™, ROCK™"., Chameleon™% .

K53 F LA B2 v] AR FH SCRY 4R 4 JR 1)
7B CHifE . RIES A O RIEAT R KK
gy MGy —J7 M, BRI AT LA e iy m] 2
R ZEE, XX RV VL SE L . R 2
BRI R ITEAC R B Y o) B S,
RS P, AR SE BRI 38R BN
RLRE IR BRI 3 SRR M J5 1454« Aurora
Pons-Porrataigi i #1] 13X A AL, R —A 402K
fif (Multilayered Clustering) [¥) /775K SZHLZ IR
ERE—AN R BN R RETE, Far—AN )z
R BRI B 2 38 TR G DL
17 Scatter/Gather " Fl1 [ #%¢ 28 5775 (Constrained
Agglomerative Algorithms) P45, WX SKET

(Semantically Enabled Knowledge Technologies) 215
H = 3. H Iy Polysecting-Hierarchical-K-Means ~ ( fiij it
PH K-Means) HBFIH] T X FhiR-& HL AR,

i LR R R, T ARk, H
PR SO EEAEAT IEA R [ AR 1) . JUH X T &
RN 5385 (Topic Detection and Tracking , &K
TDT) XFEMAES R UE. & 2B SO AN Wit
IINBISCRIEE Y rh e RS T, IR —2eiRK
TERAA R EERERTE, HERAIR K.
I, VF2 B KRR RN 2 R Rl Bt
T RANNIGEEL, BOSEUIMN R SO A T 1
THEL, AEHTR BN 2 s AR RN B EAT 1 T
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ICT, UMASSF4%,
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FESEHL T BURRZ Jn, 7 B Rkt
ATIE A IRA, A H] ™ AT ARG b 1 A R
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Summarization) ", %A AU 5 AT A
I 22 SRS IR TE B2 D, AEA) 1
IR 1) RO ARVBLFE e B TC 4 P e /DN PR ) 4 S
WS, W LA BI0) 1 ARBLRE (AR R AE 22 SR 3
5 S DA R AR A o 3 i A W e ) 1 mT LA
N BRI b, Sy 41 28 p o] B AR R . A5
ARG 4T ) Testor Theory 8325 LA o iz B AR
W, HHARR Z SR BB AR, X TR RS
HH L) A 7 T AN SR L) AS [ s 1y A
Bk S, X RCR A S . SEKTIR
OntoGen"" 248 Hp th 2% 2 3 1 A i 3= S S Bkt
TH P RIS E . RGEREW 75 i
PER A F R GBI . O TS RIX LG, R
T B E: (Centroid Vector) S 1A & HL
(Support Vector Machine, SVM) 51k,

3.3 il gife

APARAL S R TR SCRYS S R AT RO, I
TR PR TR 1] LR BT Hh R 75 SRS AR i 4
ML, 5D F P AN R] ) T SCR S5 TR
W — R AR A B4R, ResdRE 4
RIFEE F R . TR T SO 8 2 2 DU
YeAS (A N I ) R AR, DRI R 4 R AR IR 30 I
SIS S22 57 NPT I v 18 1 S T S e 3
FIH5 4 SOM (Self-Organizing Maps) @, k1
#¥1A]¥% (Linear Subspace Method) 122 4417k

(Multidimensional Scaling) /44,
F ol ILH W2 N A 8IS R
(TDT) « Ak H By A5 k. S R Gt 45
SEKTIi H [fJOntoGen'* F12H {4 TextGarden'”, LLK 3
¥4 3 MK 24 I TDTLighthouse ™ Al Aurora Pons-
Porrata®§ A JF % [)JERARTOP R 4“4

4 WERIZRIEZRIHIR

FESCARZ T, 745 &5 FF 8 I RS R IR
&, MRS Z AR Z MR R B Z K
K #H (Concept Hierarchy. Taxonomy. Thesauri) X
WO TR 2 R, R 8l P i R — o S T
LT R T AR AR, 7o B &,
AR R EEIER, N TAIRRS

HAEELENE S Kk, AT S 2 RO
Fao AR — ST A

218 Gruber (I HE 42 Ontology, M 2 1)) 3=
BRARA: SR (F2) KFR (subclass-
of) 5 MEZMISEHI X R (instance-of) ; M
) )@ P & (relation) ; M ) P9 I Al Ab 4E

(domain and range restrictions) ; ME& 14k
#B 9<% (mereological) ; HE& % [H % &
(equivalence)

AR LA ESMOR R IFAN R DT A & Z AR K
2, WIEAZ T N R A M 2 OR ZR il
FRINA . WEICKE, &SRR RBHIT,
FERA LT LM ORI 7K R M

(is-a) , SEBI5CA (instance-of) , #4rFIHEAIC A
(part-whole) LLJZ%5[A] (equivalence) JCZMIHHEN .

TEME S 2 O R IHE b, 2 = AN g A
J7ik:

(D) JETREUCEC ) 77k, il R I SCA
AEMER R RFRE T, RS 2\ 6
Fo XTIV EMIG] 741 Hearst-pattern /7 7%
Hearst" JFOIPEM TAETMI#A344 . BRibz Ab, REZHES
J2 U T AR R v S Rt B A A7 At
A A ] (B al+ 3 B a]) R A7 MR
o, FIHMOZERIR . FHH). S5k S0 3 R 7 R
&, L RGUIPANKOWHIC-PANKOW 4 - #L3E
TREMITE,

(2) T AixUE R (Distributional Hypothe-
sis) Wik, Harris$ H oA RN N, 78
[ — b N SCEREE R BRI ) T N E TR A
BN S, HAS Jo R SR AT — A1) d o e ] PR A5
R e R R 2 Ry R, SERE A, AN
BOGEE S E—[R L, DL X L] 1% 1]
[F) I IR AR P g 1) o A3 A AR A J T SR vl i
SR, AR B TR SO R AR 4
SR ITVE . FeT AT AR BN 2 R FR Al
JPENXCA oy AW, R T AR v, Y
] AR T 22 TR PR AR B O 3R U SR e A AT ] 2 A
MDA IR — 2K MR TG B, e
i) R TN B M R 2 T R A O R R ) A
ITHEF .
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Mark Sanderson Ak, W& ERCRMKIE LA
FIARTE L INERE BT HE P 1 — AN I R,
fih 2 fE Forsyth FRada I 508 R, W h— P RIE
(1 Z545 PR ECE b T LS e (1 Sk (DF)
SKAE, LEFR—ICEREET, W IS ARAE R 3
TR Z , X — AT RE [A i Mark
Sandersoni\ X TN AR ExHly, a1 eA e
P(xly) = 1, P(y]x) < 1, MixE&y. W, wifs
Ay L SCHREE e A TEx L SCEREE I — A
T4, MREXE Ay,

HAT, A 204, K RL =i il
L8, TN HIK AR . WiPhilipp Cimianot™*””
2, FHearst-pattern. WordNet* ] #iLJTHD , =47
VCHLJH 7~ ('head matching'-heuristic) 7. J&-FiERl
ML BV Z R 5 R RV DURET S0k
R FEAREQE SRRSO, N2
PRI NS RS R, AT T B IIRCR

//T‘Elo

5 AEMEERZOC Z AL

AN TAR Z B H 2R 2R G R, LA
is-a A AR ML JZ OC R AR H P ) — /N 43
FRibZ b, IS SEARZ IAFAEAE B 2 R S 2
RRF, AW AR “ TR KR,
FHITA G SIS EfR) “ 57 RARAF. WX LeR
W 2 TR R G A IR MR, 2 2 i N i
WK ELENRL

7E H BN A (Automatic Content Extracting,
fAARACE) COMIPE2 b, R 2 U 1) 1 O FR
HUG I ) — DU N2, BERRA R BRI S Hfk
(Relation Detection and Recognition , ##XRDR). H
HFRE TR BIRC R . H/M AR R,
PRFR. MATHECR, G SR (BREmg
BO KR NWERRSE. W THR—NKR, WTFR
FHRE HH A LB A& (arguments)  (RIPANAH
HIERITAR) LRI BN

Sophia Katrenko® N*MA My, SCHR A A] UG E
R HAWA PR IERE: OUPIEE R R IR
QKB TAAERFR . 1MGumwon Hong™ ¥ [ iS¢
AR Z I ) 5 5 5 Ry onf [r]— AN - rp )R A
Z IR AP, wLARIE N -

(el, €2, s) >r

Hrp, el Fle2 &0 FsH P SEAE, rd el
ARG R IARAE, —Jtdl Cel, €2, s) A
A KRk R IESESE CERNIRUR G
ZRMEE) SR, T/ = Fh o 2T
% OIRMIC R IR AR TR QX KR
R BAAAE R R IEATIRI,  FFHATNH IR R
732, NRRKRBMIEE, MR RIN
OB AR N — R 2RI 5 @R TR
KA, MHITNME,

TEAEME S ZOOC RN |, 8 750 %
ATV

(1) BT CUL IR 7 v IX M 7 v
Wiz WG AR, AT HIBE 55 2 fi, A
A PR T BT MR T U S T
AR . AT OC R AU, 25 FiAk 3 ) i
) B SR A A A TV L . — ELULC A
i, sk nl BLA A 1A v B H AT 6 AR 1 06 R 8
Mo IXETTVEM S Douglas E. Appelt A4
BRSO MRS B USRS U 3 ] T A
Tk P RFEEMESHRN “ %7 hNSHE,
AU AT DAPR I C B 5 BT 55 1 D% R ABE R
Ik, Roman Yangarberss NP4 T ILFHEAZ 1k
1) ¢ ZR OB A e 7 v o Pl o AR e sl
T, S AT A OC R I AT 0 b, O
KARMER, XL ERZA, BEEH 1A
AT RIS B

(2) HeT i IRAN )7k, BT ULACY
KESMBOTIEA L, T8 ML OK 2 1R OC R A IO 75
WAFIEHR ARG . %ﬁm%%%ﬁ”ﬁéﬂﬁfﬂflLﬁﬁiﬂﬂﬂ
IR0 B (R i) N T . 1 2E07E )t
#1451 Chinatsu Aone%5 A\™* EREES (Large-Scale
Relation and Event Extraction System) 4t W )
WK AN T . REESI il SR 5] 7 vk w5 26 T
AR R BCE MR N T, XA ] 2
iae M U RARL T %8017 S50 AR s X
Bt

(3) FETHLER2= M Tk 1&T7
KRAMBEA LA K. ik B2 ) &
5y FEN ARG BRI EAiE 258y, RN
N A A H?@?ﬂﬁ%’éﬁﬂ#ﬁﬁﬂﬁqﬂ %ZRTT
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EIEAERAR R T )2 00, JEHRIL T &P ARSIl
Jiide BURGTAT: Zelenko™ 45 ABR Y T FI A%
PRECK N FARTE SRR HEOCR I 7. Intelt
[EF 570 HZHANG Yi-Minf1ZHOU Joe F45 N7
HH TR B LA SRR D FH DA Y iy 44 SE A4 Je e
12 185 &K 7% Zhu Zhang™ B T 5 F-SVMIH)
59 058 ¢ R AE T . Michele Banko®5: N T
Open IEJ7Vk, I A8 I Mgert 5k, SEIL Tt
o 2 v g S A A LR R REAELE R DG R R o

(4) KT Ontology (M 5% %I iEMEB EATH
AR R G R T L IR PR R 7 2 T 1) 5 2ok b
BT ARIHE . Marta SaboufIMathieu d” Aquin&s
ANPUESCARLET R4 N ] 1 it [ shik e ify
AN MRS SEAR Z (B G R ) T 0 B0 8 MY
AN SR TR I, SCARLETSE R 4% |
REMEHE AL RN SEARAH SR A, ARG 2R e
XIS BB THE R RPN & SR TR R R AR

(5) RAHIITIE. FEAE KRBT A
Wik N, B BT EAR], BRa I AR
SR AP 27 T LARE S b2 HAA ey B
h T ¥ 2 OA KR PR L2 2R3 56 R
U Rk, Ll 2 R ILAT O R AN IO VAR 45
BRSO ok, b RAT AR MR 2
Lucia SpeciafllEnrico Motta®” i H} () — ANl EGE X
RAINRA L. 7N E (pipeline) J73(5]
N T fi#r#s (parser) , TaPEARIERS (part-of-speech
tagger) , MASARUUNRSE, HETH AL
S SCHERTRSE S, IR 21T SUsAAR . FniRZE L &
R P A U

KA ELARAR 2 Sl LA NN E . 1

HEh B RGET, KRNI A 3 KA G I AN
Z: ERRRGT, REMBUESRLT “AentfR
LN 27 IR ) SURT R D Re I SIS T RE
TEAARSE )RR, OC R AL RE % A IR (1) 5 44 B
KEKFEARMREG R, BT XPREES Y, KR
HHEL e B 2 KIS U AT TR LT,

6 FrIchiii

FEHHCARZ A, B IR 2 A s 18
FIE R, st PR, SRy

RIS IZRTE, Bt LA AR R T, Bl m] AR e
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Abstract: Important keywords in academic papers reflect topics of the
literature. Therefore, the extraction of topics turns to be the extraction of
keyword groups. This paper first investigates techniques for topic extraction
and clustering used by overseas, then the researchers propose a technical
scheme for extracting topics in text information resources in the medical field
and for topic area identification. A detailed explanation of the techniques for
topic clustering is given. To verify the validity of the method, this paper
applies the scheme to the field of osteoarthritis research. The result proves
the validity of the proposed method.
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Abstract. In recent years, knowledge extraction plays a very
important role when dealing with unstructured text. In this paper, based
on the analysis of current relevant literature, systems and projects, it
proposes the classification of the current knowledge extraction objects and
reviews the relevant technologies and methods. The major themes include web
object identification and integration, terminology extraction, topic discovery,
conceptual hierarchy relation extraction, non—conceptual hierarchy relation
extraction, fact extraction and opinion extraction. This paper also analyzes
trends of knowledge extraction in the future.

Keywords: Knowledge extraction, Object identification, Terminology
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