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Intelligent Text Classification Method for Open-Source Technology Intelligence Analysis

PENG Peng XU HongJiao
(Institute of Scientific and Technical Information of China, Beijing 100038, P. R. China)

Abstract: With the explosive growth of network information, identifying valuable technology intelligence from massive network text information and
classifying it intelligently have become the key to open-source technology intelligence analysis. Based on the characteristics of open-source technology
intelligence texts, this paper constructs an integrated model of text denoising and classification for open-source technology intelligence analysis. It combines

large language model with automatic annotation method of prompt engineering to annotate noise data and text classification data. A pre-trained language model
is constructed for noise recognition and filtering, filtering non-technology intelligence texts. Multilanguage pre-trained models and distillation techniques are
used to improve the loss function design, solve the problems of uneven class distribution and insufficient data, and achieve the goal of improving the accuracy

and stability of multi-label technology intelligence text classification to a certain extent. The experimental results show that compared with TextCNN and BERT
methods, the method proposed in this paper has higher classification ability, robustness, and adaptability.
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